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Abstract: Edge computing provides services such as distributed computing, storage, and applications at the device layer, which has the

advantages of higher real-time data collection and processing in the manufacturing industry compared to the cloud computing-centric

model. Therefore, it has high practical value to study the application of edge computing in the manufacturing industry. The article

introduces the architecture model of edge computing and its application trends in manufacturing, compares the service frameworks

of edge computing software used in manufacturing data collection and processing domestic and foreign, and summarizes the current

problems and technical solutions facing the acquisition of collected data at the edge layer, edge node management and clustering,

intelligent data processing and application implementation, in order to facilitate the application and development of edge computing in

the manufacturing industry.
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Fig. 1 Comparison of cloud computing and edge computing models
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Fig. 2 Typical architecture of manufacturing edge computing
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Tab. 1 Edge computing service framework comparison
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