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Abstract: China is a big country in the production and consumption of livestock products. Because the variety of livestock products
is increasing, the consumption structure of livestock products has also been changed. In order to avoid imbalance between supply and
demand in the market, it is significant to study and predict the consumption of livestock products in China, which can help to guide the
formulation of more reasonable production plans. Thus, a combinational forecast model based on Grey Correlation Analysis and Support
Vector Regression is built. Grey Correlation Analysis provides the guides for selecting individual forecast model for combinational
forecast model to ensure the quality of forecast. The Support Vector Regression is used in combinational forecast because of its good
generalization ability, which can be used in complex environments. According to the above theoretical research, the combinational
forecast model based on Grey Correlation Analysis and Support Vector Regression is applied to the prediction of Chinese livestock

product consumption. The effectiveness of the research is verified by comparative analysis.
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Fig. 1 The pig consumption in China from 1980 to 2016
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Fig. 2 The forecast values of four individual forecast models for
pig consumption in China
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Tab. 1 The correlation coefficient table of forecast values and the pig consumption from 1980 to 2015 in China
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Tab. 2 The gray correlation degree table of forecast values and
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Fig. 3 The SVR combinational forecast model 1 (part)
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